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We propose and examine a self-regulatory framework focused on understanding the
dynamics of job search intensity and mental health over the first several months of
unemployment. We use a repeated-measures design, surveying newly unemployed
individuals weekly for 20 weeks. Through the lens of our framework, we test relation-
ships pertaining to the role of motivational “traits” (i.e., temporally stable approach
and avoidance motivations) and self-regulatory “states” (i.e., more transient motiva-
tion control and self-defeating cognition) in predicting job seekers’ search intensity and
mental health over the duration of our study. The findings provide evidence on the
dynamics of the job search journey.

In late 2008, the U.S. and much of the industri-
alized world entered a recession, resulting in sig-
nificant job loss around the globe. For most indi-
viduals, job loss is a highly negative event,
signaling the loss of a steady income and an end to
the routine, identity, and daily social connections
associated with employment. Because of the impor-
tance of this issue to individuals and society, the
experience of job loss and subsequent search for
employment has attracted steady research attention
dating back to the Great Depression (Hanisch, 1999;
Saks, 2005).

From a micro or individual-level perspective,
two of the most extensively studied constructs ex-
amined in this literature have been job search in-
tensity and job seeker mental health. Job search
intensity refers to the amount of time or effort in-
dividuals spend on their job search. Search inten-
sity is an essential behavior for most individuals
who wish to find work (Prussia, Fugate, & Kinicki,
2001). Meta-analytic findings show that individu-
als who allocate more time to job search find work
more quickly (Kanfer, Wanberg, & Kantrowitz,
2001). Mental health refers to individuals’ psycho-

logical distress and well-being (Ware, Manning,
Duan, Wells, & Newhouse, 1984). Meta-analytic
findings suggest that the experience of unemploy-
ment is associated with poor mental health and
stress-related physical symptoms such as head-
aches and stomachaches (McKee-Ryan, Song, Wan-
berg, & Kinicki, 2005; Paul & Moser, 2009).

Significant research attention has been devoted
to understanding individual differences in effort
devoted to job search during unemployment, as
well as why some individuals have a more negative
experience with job loss than others (e.g., Creed &
Bartrum, 2006; Kanfer et al., 2001; McKee-Ryan et
al., 2005). As a recent part of this research stream,
self-regulation theories, which address the extent
to which individuals are able to successfully mod-
ulate their emotions, attention, effort, and perfor-
mance during goal-directed activity, have emerged
as having promising potential to help deepen un-
derstanding of the experience of unemployment.

Like many other common issues individuals
struggle with, such as overeating, procrastination,
or smoking cessation, the unemployment experi-
ence is inherently a self-regulatory process. In ad-
dition to requiring goal setting and attention to the
direction of one’s efforts, issues that are outside the
focus of our study, being unemployed demands
self-regulation to sustain job search effort and man-
age negative emotions over time. As delineated by
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Kanfer and colleagues (2001), looking for a job is an
unfolding task that is highly autonomous, self-or-
ganized, loosely structured, and ill-defined. Indi-
viduals must decide on their own how and how
often to search, and they rarely receive feedback
about the effectiveness of the job search activities
and strategies they are using. A myriad of issues
challenge job seeker psychological well-being, such
as low opportunities for control and skill use, re-
duced daily variety and opportunity for social con-
tact, shortage of money, and loss of a valued social
position (Jahoda, 1987; Warr, 1987). In this context,
emotion regulation is required to manage feelings
of discouragement and frustration, fears about fi-
nancial challenges, and embarrassment about being
unemployed. Motivation to persist is needed to
sustain search efforts despite possible distractions
at home, multiple rejections, or disliking the search
process (i.e., identifying job openings, revising
one’s résumé, networking, applying for jobs, pre-
paring for interviews, and more).

Empirical work applying self-regulation perspec-
tives to the unemployment experience, although
valuable, has tended to focus on the study of job
search behavior and has almost exclusively used a
set of measures assessed at one time point to pre-
dict between-individual differences in search be-
havior at a later time point (e.g., Creed, King, Hood,
& McKenzie, 2009; van Hooft, Born, Taris, Flier, &
Blonk, 2005; Van Hoye & Saks, 2008; Zikic & Saks,
2009). Self-regulatory frameworks are also useful
for examining how individuals psychologically ad-
just and respond to their unemployment experi-
ence (Feather & Davenport, 1981; Latack, Kinicki, &
Prussia, 1995; Niessen, Heinrichs, & Dorr, 2009). To
date, however, applications of self-regulatory per-
spectives to mental health during unemployment
have been sparse. No current work, furthermore,
has applied self-regulatory theory to the examina-
tion of job search behavior or mental health over
several weeks, limiting the types of self-regulation
questions that can be asked.

Our study investigates self-regulatory processes
involved in unemployment in a dynamic, temporal
framework. The incorporation of time opens the
door to new questions and insight. Steel (2002), for
example, developed an extensive argument for the
need to study the process of job search over time.
He distinguished between longitudinal research
(i.e., constructs measured at time 1 are used to
predict outcomes at time 2) and repeated-measures
research (i.e., the same constructs are measured at
multiple time points). He argued that repeated-
measures research is essential for understanding
phenomena such as job search that involve con-
structs that change and evolve over time. Research

measuring focal outcomes such as job search inten-
sity or mental health at only one time point is
insufficient for understanding self-regulatory pro-
cesses that unfold over time, such as persistence in
search behavior, maintenance of mental health, de-
cline (or increase) in job search or mental health,
and vacillation in self-regulated job search activi-
ties. A few recent studies have shown that time put
into job search and levels of distress during unem-
ployment vary from day to day and week to week
(Song, Uy, Zhang, & Shi, 2009; Wanberg, Glomb,
Song, & Sorenson, 2005; Wanberg, Zhu, & van
Hooft, 2010), but researchers know very little about
the factors that contribute to changes in job search
and distress levels over the course of unemploy-
ment. Static research is also not well suited to
examining process questions. For example, through
what dynamic, more transitory, “state-related”
mechanisms do stable “trait variables” exert their
impact on study outcomes? It is furthermore impor-
tant (although to date unusual) for studies employ-
ing self-regulation theories to incorporate time,
since self-regulation theories are by nature dy-
namic (Dalal & Hulin, 2008). For many real-world
problems, studying a person’s motivated behavior
at one point in time is not compelling. The larger
interest is “the manifestation of motivation in some
sustained way” (Ployhart, 2008: 54).

In this article, we extend theory and empirical
findings by proposing and testing a comprehensive
self-regulatory framework focused on understand-
ing the dynamics of job search intensity and mental
health over the first several months of the unem-
ployment experience. We used a repeated-mea-
sures design, surveying newly unemployed indi-
viduals once per week for either 20 weeks or until
an individual was reemployed. Contributing to the-
ory, we use our proposed framework to delineate
expectations about how self-regulatory constructs
are relevant in a time-based context. The dynamic
nature of the model allows us to propose both
between and within-individual relationships. For
example, we develop arguments about how self-
regulatory constructs can help explain (1) interin-
dividual differences in levels of job search intensity
and mental health over continued weeks of unem-
ployment, (2) interindividual differences in de-
clines in job search intensity and mental health
over time, and (3) intraindividual differences in
self-regulation over time and relationships to job
search level and mental health. Empirically, we put
forth the most comprehensive repeated-measures
investigation within the job loss domain that we
know of to date. Beyond the aforementioned
points, our data provide practical new information
about within-person changes in job search and
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mental health over the duration of an unemploy-
ment experience and advance understanding of
how (i.e., through what mechanisms) stable indi-
vidual differences exert their influence on the job
search experience.

A DYNAMIC SELF-REGULATORY
PERSPECTIVE

Our conceptual model, based in extant self-regu-
latory theorizing and prior research in motivational
science and personality psychology, is shown in
Figure 1. Our expectations regarding the impor-
tance of time in the relationships shown are elabo-
rated in the presentation of our hypotheses. We
first posit that individual differences in broad and
stable motivational traits (specifically, approach
and avoidance motivations) exert direct effects on
observed levels and changes in job search intensity
and mental health throughout a spell of unemploy-
ment. We then propose that these motivation traits
influence job search intensity and mental health in
part through two key self-regulatory state variables:

motivational control and self-defeating cognition.
We conceptualize these processes as operating dy-
namically, in such a way that self-regulatory states
vary as a function of time and exert corresponding
time-based changes and vacillation in search inten-
sity and mental health observed during a period of
unemployment. Finally, although the central focus
of our study is on understanding the manifestation
and dynamics of job search intensity and mental
health over the unemployment experience, we also
examine two outcomes relevant to reemployment
success: speed of reemployment and number of
interviews each week.

The Effect of Approach and Avoidance
Motivations on Job Search Intensity

An “achievement goal” refers to a desired, com-
petence-related, future end state that guides indi-
vidual behavior (see, for example, Elliot &
McGregor, 2001; Hulleman, Schrager, Bodmann, &
Harackiewicz, 2010). Although such goals have
been considered from a variety of perspectives that

FIGURE 1
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are still evolving into a cohesive framework (Hul-
leman et al., 2010; Payne, Youngcourt, & Beaubien,
2007), deeply steeped in the motivational literature
is the recognition that individuals may differ in
their tendency to conceptualize the goals they wish
to achieve from either an approach or an avoidance
orientation (Elliot, 2008). Individuals high in ap-
proach orientation (related concepts include “pro-
motion focus,” “learning orientation,” and “per-
sonal mastery”) are posited to engage in goal
striving for the purpose of personal growth and
developing competencies. In contrast, individuals
high in avoidance orientation (related concepts in-
clude “prevention focus,” “performance orienta-
tion,” and “anxiety-related goal orientation”) are
posited to strive to avoid failure, preserve re-
sources, protect self-concept, prevent emotional
disruption of action, and fulfill obligations (Elliot &
Harackiewicz, 1996; Higgins, 1998; Kanfer &
Heggestad, 1997; VandeWalle, 1997). Evidence sug-
gests that distinct and independent systems of ap-
proach and avoidance exist and that the approach
and avoidance motivations capture different as-
pects of behavioral, neural, and affect-related pro-
cesses (Robinson, Meier, Tamir, Wilkowski, & Ode,
2009; Watson, Wiese, Vaidya, & Tellegen, 1999).

In goal situations, approach-oriented individuals
have been characterized as focused on possibility,
opportunity, challenge, and what they want to
achieve. In keeping with this description, research
suggests that individuals with higher levels of ap-
proach-oriented motivational traits demonstrate
enhanced performance outcomes in a variety of
goal-oriented contexts (e.g., Galinsky, Leonardelli,
Okhuysen, & Mussweiler, 2005; Hinsz & Jundt,
2005; Liberman, Molden, Idson, & Higgins, 2001;
Payne et al., 2007; Porath & Bateman, 2006). For
example, approach motivation was positively re-
lated to goal commitment and performance on an
idea generation task (Hinsz & Jundt, 2005) and sales
performance in a field context (Porath & Bateman,
2006). Specific to the job search context, Creed et
al. (2009) found that higher levels of approach ori-
entation on the part of job seekers was related to
higher levels of job search intensity measured
four months later.

In this study, we examined approach orientation
as an individual-difference predictor of time spent
in job search over several weeks. Because individ-
uals with high approach orientation tend to ac-
tively pursue their goals and demonstrate higher
levels of goal-related performance, we expect such
individuals will report higher levels of search in-
tensity at the start of their unemployment experi-
ence than individuals with lower levels of ap-
proach orientation. With respect to what happens

over time, Dweck and Leggett (1988) suggested that
individuals with higher approach motivation are
well suited to persist in their goal pursuit efforts.
Their research suggests that children with high ap-
proach orientation who do not immediately
achieve their goals tend not to feel they are failing.
Instead, they view unsolved problems as chal-
lenges to be overcome. We expect that, owing to
this constructive interpretation of failure and per-
sistence, individuals with higher levels of ap-
proach orientation will report higher average levels
of search intensity over the duration of their unem-
ployment experience. We propose:

Hypothesis 1a. Approach-oriented trait moti-
vation is positively related to higher levels of
job search intensity at the start of an unem-
ployment experience.

Hypothesis 1b. Approach-oriented trait moti-
vation is positively related to higher average
levels of job search intensity over the duration
of an unemployment experience.

In a goal situation, individuals high in avoidance
motivation tend to focus heavily on risks of failure,
threats to themselves, and what they ought to do or
prevent from happening. Research has been some-
what inconsistent but has tended to show that
avoidance orientation tends to hinder goal-related
performance outcomes. In a meta-analysis, Payne
and colleagues (2007) found avoidance perfor-
mance goal orientation had estimated true mean
correlations of –.13 with task performance on lab-
oratory tasks and –.06 with academic performance.
In the context of job search, Creed et al.. (2009),
however, found that higher levels of avoidance ori-
entation on the part of job seekers were not related
to levels of job search intensity measured
four months later. Dweck and Leggett (1988) argued
that the passage of time during goal pursuit may
have a special relevance for individuals with high
avoidance motivation. Specifically, these authors
suggested that individuals with high avoidance
motivation may be able to pursue goals with a high
intensity of effort early in the goal pursuit process.
However, when faced with failure, these individu-
als show a helpless, maladaptive response involv-
ing avoiding challenge and deteriorating perfor-
mance. In a study with children, for example,
individuals with high avoidance motivation
showed a clear decline in their problem-solving
strategies following failure (Diener & Dweck, 1978).

We propose that over time, job seekers with
higher avoidance motivation will show a declining
trend (i.e., a negative slope of change) in their job
search intensity. We further expect that individuals
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with high avoidance motivation will show lower
average levels of search intensity when considered
over multiple weeks of unemployment than indi-
viduals low in avoidance motivation.

Hypothesis 2a. Avoidance-oriented trait moti-
vation is negatively associated with the slope
of change in job search intensity over the du-
ration of an unemployment experience.

Hypothesis 2b. Avoidance-oriented trait moti-
vation is related to lower average levels of job
search intensity over the duration of an unem-
ployment experience.

The Effects of Approach and Avoidance
Motivations on Mental Health

To date, the impact of motivational traits on af-
fect during goal striving has been largely limited to
the study of task-related variables such as perfor-
mance satisfaction and self-efficacy. Nonetheless,
emerging research suggests that individual differ-
ences in motivational traits may exert influence on
both immediate and longer-term affective states,
such as mental health (e.g., Carver & White, 1994;
Tamir & Diener, 2008). For example, Tamir and
Diener (2008) suggested the inherent tendency of
individuals high in approach motivation to meet
goal-oriented situations with an appetitive rather
than a defensive posture is conducive to well-be-
ing. In contrast, the tendency for individuals high
in avoidance motivation to view goals with fear and
anxiety and to be sensitive to criticism and risk
propagates low well-being. Strauman (2002) simi-
larly proposed that individuals who have difficulty
pursuing promotion goals (i.e., making good things
happen, fulfilling personal aspirations) and those
who emphasize prevention goals (i.e., keeping bad
things from happening, emphasizing obligations,
and fulfilling duties) are at risk for lower well-
being. Although the study outcome was frustration,
rather than mental health, Whinghter, Cunning-
ham, Wang, and Burnfield (2008) found that high
workload was more associated with frustration
for individuals with higher avoidance orientation
than it was for individuals with higher approach
orientation.

In the emotionally demanding job loss–job
search context, it is reasonable to expect that ap-
proach and avoidance tendencies may exert influ-
ences that are reflected in levels of well-being.
First, we expect that individuals with higher levels
of approach orientation, because of their higher
likelihood of positively framing job search as an
opportunity for personal growth and career en-

hancement, will report higher levels of well-being
at the start of their unemployment experience as
well as over its duration.

Hypothesis 3a. Approach-oriented trait motiva-
tion is related to higher levels of mental health at
the start of an unemployment experience.

Hypothesis 3b. Approach-oriented trait moti-
vation is related to higher average levels of
mental health over the duration of an unem-
ployment experience.

Our expectation with regard to avoidance moti-
vation highlights the temporal nature of our data
set. Specifically, our expectation is that individuals
with higher levels of avoidance orientation will
show lower levels of mental health over the course
of unemployment as a consequence of their higher
levels of apprehension, worry, and anxiety related
to employment loss and reemployment success. In
addition, these individuals are also expected to
show greater sensitivity to the negative conse-
quences of unemployment that accrue over time.
With the passage of time, the threat of staying un-
employed is likely to be more manifest (McFadyen
& Thomas, 1997). Although speculative, given the
lack of field research on trait avoidance motivation
and mental health over time, our proposition is that
continued unemployment among individuals high
in avoidance motivation will exacerbate the possi-
bility of failure, a sensitivity that tends to bring out
increased anxiety in these individuals (Carver &
White, 1994). We thus propose that individuals
high in avoidance motivation will show a decline
in mental health over the course of job search.

Hypothesis 4a. Avoidance-oriented trait moti-
vation is negatively associated with the slope
of change in mental health over the duration of
an unemployment experience.

Hypothesis 4b. Avoidance-oriented trait moti-
vation is related to lower average levels of men-
tal health over the duration of an unemploy-
ment experience.

Self-Regulatory States as Mediating Processes

Although individual differences in motivational
traits are purported to directly affect both job
search intensity and mental health, we posit that
self-regulatory processes partially mediate this re-
lationship (see Figure 1). Specifically, drawing on
Kanfer and Ackerman (1996) and Kanfer and
Heggestad (1997), we suggest the relationship be-
tween motivational traits and mental health and
search intensity can be explained in part through
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experienced levels of two fundamental self-regula-
tory states: motivation control and self-defeating
cognition. Motivation control refers to the inten-
tional cognitive redirection of attention, use of goal
setting, and/or use of environmental management
strategies to stay on course and sustain effort with
respect to a job search (Kanfer & Heggestad, 1997;
Kuhl, 1985). Self-defeating cognition refers to neg-
ative, rigid, and dysfunctional “self-talk” (Alloy,
Abramson, Grant, & Liu, 2009; Glass & Arnkoff,
1997; Kanfer & Ackerman, 1989). In our study, we
assess self-talk specific to feelings of hopelessness,
giving up, and negative expectations about being
successful in a job search. Motivational control is
characterized by cognition directed toward increas-
ing task effort. In contrast, self-defeating cognition
is a failure in emotional control, characterized by
cognition directed toward off-task negative affect
and task withdrawal.

Effects of Motivational Traits on Self-Regulatory
States

Kanfer and Heggestad (1997) argued that motiva-
tional traits influence the use of self-regulatory
strategies in specific goal-oriented situations. This
work suggests that, when confronted with the need
to continue with a difficult problem or task, ap-
proach-oriented individuals will tend to engage in
activities that exemplify motivational control, such
as planning or instructing themselves to exert extra
effort. Even when faced with failure, they will tend
to direct their attention toward goal pursuit and
overcoming the obstacles at hand. For example,
when faced with a difficult problem, approach-
oriented individuals tend to make remarks such as
“The harder it gets, the harder I need to try” (Diener
& Dweck (1978: 459). In contrast, when faced with
a difficult situation, avoidance-oriented individu-
als will tend to display self-defeating cognition and
a conviction that they cannot overcome the situa-
tion and make remarks such as “I give up” (Diener
& Dweck, 1978; Kanfer & Heggestad, 1997). Rather
than engaging in extra effort when the going gets
rough, individuals high in avoidance motivation
instead tend to view challenge as a threat. Consis-
tently with these findings, in a recent meta-analysis
of related constructs (Payne et al., 2007), a learning
goal orientation was negatively associated with
state anxiety, and an avoidance performance goal
orientation was positively associated with state
anxiety (k’s � 16, 7; estimated true mean correla-
tions � –.09, –31, respectively). Given this work,
we expected to observe the following relation-
ships between the trait-based predictors shown

in Figure 1 (approach motivation and avoidance
motivation) and motivational control and self-
defeating cognition:

Hypothesis 5a. Higher levels of approach-ori-
ented trait motivation are associated with higher
average levels of motivation control and lower
average levels of self-defeating cognition over the
duration of an unemployment experience.

Hypothesis 5b. Higher levels of avoidance-ori-
ented trait motivation are related to lower av-
erage levels of motivation control and higher
average levels of self-defeating cognition over
the duration of an unemployment experience.

Effects of Self-Regulatory States on Job Search
Intensity and Mental Health

Kanfer and Heggestad (1997) further argued that
self-regulatory strategies impact goal-relevant out-
comes. In the dynamic unemployment context, we
posit that within-individual changes in the use of
self-regulation from week to week will predict
changes in demonstrated search intensity and men-
tal health.

First, when an individual exerts motivational
control, it involves purposeful management of the
environment to stay on task, generate next steps,
and direct attention to the task at hand (Kanfer &
Heggestad, 1999). Findings in the goal orientation
and goal setting literatures (e.g., Kanfer & Acker-
man, 1996; Kozlowski & Bell, 2006; Lee, Sheldon, &
Turban, 2003) suggest that higher levels of motiva-
tion control are associated with higher levels of
performance on goal-related activities. In the job
search context, Wanberg, Kanfer, and Rotundo
(1999) showed that motivation control was posi-
tively associated with job search intensity both at
the same point in time and three months later.
Creed and colleagues (2009) obtained similar find-
ings. Although the relationship between motiva-
tional control and well-being has not been directly
studied, Kanfer and Ackerman (1996) suggested
that individuals have limited attentional resources
and that motivational control strategies will divert
attention from feelings of unhappiness or dissatis-
faction about performance. In this study, because
motivational control and our outcomes were mea-
sured each week as repeated measures, we were
able to use within-person analyses to examine the
extent to which changes in the extent to which
individuals display motivational control help ex-
plain vacillations in their job search intensity and
mental health over time. We propose:
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Hypothesis 6a. During weeks when individuals
exert more motivation control, we expect their
job search intensity to be higher, compared to
weeks when they exert less motivation control.

Hypothesis 6b. During weeks when individuals
exert more motivation control, we expect their
mental health to be higher, compared to weeks
when they exert less motivation control.

The effects of self-defeating cognition on effort
devoted to goal attainment have yet to receive sub-
stantial research attention. Available work suggests
that the coactivation of negative cognition or affect
with goal-directed activity will reduce or even stop
goal-directed effort (Aarts, Custers, & Holland,
2007). Self-destructive self-talk can be expected to
result in reduced effort when it reflects a lack of
hope (Lopez, Snyder, & Pedrotti, 2003). It further-
more reduces cognitive resources needed for per-
forming well on the task at hand (Kanfer &
Heggestad, 1999). A more substantial literature ex-
ists with respect to the relationship between self-
defeating cognition and well-being. Dysfunctional
thought processes, including a broad array of neg-
ative cognitive styles, negative self-attributions,
and self-defeating cognition, have been shown to
undermine self-worth (Kuiper, Olinger, & Swallow,
1987) and to diminish individual well-being (Judge
& Locke, 1993; Petrocelli, Glaser, Calhoun, & Camp-
bell, 2001). High levels of self-defeating cognition
specifically related to lack of hope and low expec-
tancy of success are problematic because they lock
individuals into viewing their problems as unsolv-
able, a core issue that triggers depression (Beck,
1972, 1987). Despite some consistency in individ-
ual tendencies to engage in dysfunctional thinking,
environmental stressors and events that vary from
week to week intensify the extent to which indi-
viduals engage in self-defeating cognition (Zuroff,
Blatt, Sanislow, Bondi, & Pilkonis, 1999). In this
study, we propose that variability in job seeker
self-defeating cognition from week to week will
help explain changes in their job search intensity
and mental health.

Hypothesis 7a. During weeks when individuals
report higher levels of self-defeating cognition,
job search intensity is lower than in weeks
when they report lower levels of self-defeating
cognition.

Hypothesis 7b. During weeks when individuals
report higher levels of self-defeating cognition,
mental health is lower than in weeks when they
report lower levels of self-defeating cognition.

Effects of Motivational Traits on Self-Regulatory
States Affecting Job Search Intensity and Mental
Health

Although motivational traits may exert some di-
rect effects on goal outcomes, theorizing by Kanfer
and colleagues suggests that the impact of traits on
behavior occurs in part through the influence that
traits have on the initiation and execution of self-
regulatory processes that govern the direction and
intensity of action. We propose that the relation-
ship between the broad motivational traits in-
cluded in our model (approach and avoidance mo-
tivation) and job search intensity and mental health
are partially mediated by context-specific self-reg-
ulatory states (specifically, motivation control and
self-defeating cognition).

Hypothesis 8. The relationship between ap-
proach and avoidance motivation and search
intensity and mental health are partially me-
diated by motivation control and self-defeating
cognition.

Effects of Job Search Intensity and Mental Health
on Job Search Success

Although our hypotheses for the most part focus
on job search intensity and mental health, we also
assess two important distal job search outcomes of
our participants, reemployment speed and number
of interviews. Search intensity has been studied as
a predictor of job search success more frequently
than has mental health. A meta-analysis by Kanfer
and colleagues (2001) suggests job search intensity
is a positive predictor of later employment status
(rc � .21, k � 21) and number of offers (rc � .28,
k � 11), and a negative predictor of unemployment
duration (rc � –.14, k � 9). The more intensive a
person’s search behaviors are and the more time is
spent on search, the more employers potentially
have the job seeker’s information brought to their
attention. On the basis of this literature, we expect
that search intensity is positively related to success
in getting interviews as well as to reemploy-
ment speed.

Hypothesis 9. Job search intensity at the start
and over the duration of an unemployment
experience is positively related to success in
getting interviews and reemployment speed.

Although a wealth of studies have examined how
unemployment affects mental health, surprisingly
few have addressed mental health as a predictor of
job search success. Authors have argued that low
mental health slows reemployment because de-
pressed mood deprives job seekers of the mental
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and physical energy needed to engage in an effec-
tive job search (Viinamäki, Koskela, & Nishanen,
1996). At least one study, however, has shown that
unemployed individuals with higher depression
were reemployed more quickly (Kessler, Turner, &
House, 1988). These authors argued that stress may
motivate individuals to find work faster. One of the
most extensive studies of the relationship between
well-being during unemployment and the probabil-
ity of reemployment is by Ginexi, Howe, and Cap-
lan (2000). The authors assessed the mental health
of 254 unemployed individuals three times, first
within 49 days of job loss, then 5 and 11 months
later. Their times 1 and 2 measures of depression
were not predictive of time to reemployment. A
recent meta-analysis compared the mental health
levels of continuously unemployed individuals
with the mental health levels of individuals who
found jobs during the study reporting periods (Paul
& Moser, 2009). Although effect sizes were small,
continuously unemployed individuals had lower
levels of mental health than individuals who found
jobs (k � 49, n � 13,259, D � .15).

Overall, the literature regarding mental health as
a predictor of reemployment speed is somewhat
unclear. Because few previous studies (Ginexi et al.
[2000] is an exception) have assessed mental health
early in an unemployment experience and also re-
peated those assessments over its duration, we sug-
gest our study has the potential to contribute
unique insight into mental health as a predictor of
job search success. Specifically, our study allows
using both baseline and aggregate levels of mental
health measured over multiple weeks (thus remov-
ing some of the issues related to self-report bias
from one-time assessments and also providing a
collective assessment over time). Given the results
of the Paul and Moser (2009) meta-analysis, we
propose a positive relationship between mental
health and search success:

Hypothesis 10. Mental health at the start and
over the duration of an unemployment experi-
ence is positively related to success in getting
interviews and reemployment speed.

METHODS

Participants

Participants were drawn from a pool of unem-
ployment insurance recipients identified by the
U.S. Department of Employment and Economic De-
velopment as having been unemployed for 3 weeks
or less and eligible for a full-duration claim (i.e., 25
or 26 weeks) of unemployment insurance. We
sought out individuals unemployed for 3 weeks or

less because our aim was to get individuals into the
study as quickly after job loss as possible (to reduce
problems of “left-censoring” and allow a logical
starting point for examination of changes in the job
search experience over time). In the United States,
unemployment insurance is available to individu-
als who lose their jobs through no fault of their own
(i.e., they did not quit and were not fired for mis-
conduct); individuals also have to be available for
work and seeking full-time employment. Individu-
als eligible for fewer than 25 weeks of unemploy-
ment insurance tend to have more intermittent con-
nections with the workplace.

To preclude the possibility of potential influ-
ences associated with recent unemployment expe-
rience or age-related differences in job search and
reemployment likelihood, we required that poten-
tial participants be between the ages of 25 and 50
and have had no unemployment insurance claim in
the last four years. In addition, to reduce the impact
of occupational level, we required potential partic-
ipants to have at least a bachelor’s degree. Accord-
ing to U.S. Department of Labor statistics, the sea-
sonally adjusted unemployment rate in the state in
which we conducted the study ranged from 4.7 to
5.4 percent over its duration (from the end of Jan-
uary 2008 to the beginning of July 2008).

Our study design required individuals to com-
plete a weekly online survey for 20 weeks or until
they found reemployment, whichever came first.
This time period was chosen to exceed the median
time reported by the Bureau of Labor Statistics for
weeks unemployed (8.9 weeks for the study period
[Bureau of Labor Statistics, 2009]). Our chosen time
period also allowed us to follow most of the indi-
viduals in our sample throughout the duration of
their unemployment experience.

Study invitations were sent by mail, and individ-
uals were asked to enroll in the study by visiting
the study’s website. We recognized the serious
challenge posed by sending individuals a “cold”
invitation in the mail for a study that asked them to
complete a survey once a week for 20 weeks. To
enhance our response rate, we enclosed a profes-
sionally printed brochure with clear information
about the study requirements in our invitation. We
offered individuals a $20 incentive to enroll in the
study and complete the baseline survey within
one week. Individuals were offered an additional
$20 to complete the second weekly survey and an
additional $75 again if they completed at least 16 of
the 20 surveys involved in the project.

A total of 508 individuals were invited to be in
the study. Of these, 182 enrolled and completed
baseline surveys (36%). Participants were com-
pared with invited nonparticipants using database
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elements available from the state. Participants
did not differ from nonparticipants in terms of their
maximum allowed unemployment insurance
amount (t � –0.68, p � .50), their unemployment
insurance account balance at the end of the study
(t � –1.40, p � .17), whether they had exhausted
their unemployment insurance at the end of the
study (t � 0.47, p � .64), proportion of females
(t � 1.15, p � .26), age (t � –0.26, p � .80), educa-
tion level (t � –0.41, p � .72), or length of unem-
ployment up to the start of the study (t � –0.98,
p � .33). However, the proportion of white individ-
uals among respondents was higher than that in the
pool of potential participants (t � 2.73, p � .01).

Individuals enrolled in the study were sent on-
line surveys every week for the 20 weeks following
the baseline survey. An e-mail with a survey link
was sent at noon each Friday. Individuals were
asked to complete the survey by Sunday evening of
each week to ensure current reflection on the last
week’s job search as well as equal intervals be-
tween surveys. Response rates to the weekly sur-
veys ranged from 73 to 95 percent.

A total of 177 individuals completed at least the
baseline survey and one weekly survey; these indi-
viduals constituted the sample for this study. Of
the 177 individuals, the average age was 37 years
(s.d. � 7.52). Forty percent of the sample members
were female, and 93.8 percent were white. On av-
erage, individuals in the final sample had been
unemployed for 28 days (s.d. � 10.5) at the time
they enrolled in the study. Approximately 60 per-
cent of the sample reported their last job had been
in a professional occupation; 19 percent reported
clerical or sales-related fields, and 21 percent re-
ported other job types.

A total of 128 individuals became reemployed
during the duration of the study (n � 35 in week 1;
9 in week 2; 2 in week 3; 2 in week 4; 15 in week 5;
2 in week 6; 4 in week 7; 6 in week 8; 5 in week 9;
6 in week 10; 5 in week 11; 6 in week 12; 3 in week
13; 4 in week 14; 5 in week 15; 5 in week 16; 2 in
week 17; 4 in week 18; 5 in week 19; and 3 in week
20). These individuals were included in the study
up to the point of reemployment (i.e., their data
contribute to the analyses up to the week they
found a job).

Measures

Demographic characteristics, control variables,
and motivational traits were assessed in the base-
line survey. Self-regulatory states, job search inten-
sity, and mental health were assessed in every
weekly survey during the period when respondents
were looking for a job.

Baseline survey measures. Approach and
avoidance motivation were measured using the
personal mastery (16 items) and motivation related
to anxiety (19 items) subscales from the Motiva-
tional Trait Questionnaire (MTQ; Heggestad & Kan-
fer, 2000; Kanfer & Ackerman, 2000). Respondents
were asked to indicate the extent to which each
item describes them (1 � “very untrue of me,” and
6 � “very true of me”). Example items for personal
mastery include “When I become interested in
something, I try to learn as much about it as I can”
and “If I already do something well, I don’t see the
need to challenge myself to do better” (reverse-
coded). The coefficient alpha for this scale was .90.
Example items for motivation related to anxiety
include “When working on important projects, I
am constantly fearful that I will make a mistake”
and “I do not get nervous in achievement set-
tings” (reverse-coded). The coefficient alpha was
.93. Heggestad and Kanfer (2000) and Kanfer and
Ackerman (2000) provide evidence supporting
the discriminant validity of these two motiva-
tional traits from each other and other personal-
ity measures.

Age in years, education level (0 � “bachelor’s
degree,” 1 � “master’s degree or above”), gender (0
� “male,” 1 � “female”), and ethnicity (0 � “non-
white” and 1 � “white”) were included as control
variables. A methodological contribution of our
study is that we followed individuals from the start
of their unemployment; the significant majority of
existing research includes individuals at many dif-
ferent stages of their job search (Steel, 2002). Owing
to some variability in time enrolled in the study,
however, number of days unemployed at the time
of baseline was controlled. To account at least at a
coarse level for differences in labor market demand
as well as possible differences in the nature of job
search, occupation (three categories: professional,
technical, and managerial; clerical and sales; and
others) was also controlled. Finally, one item was
used to control for individual differences in em-
ployment commitment (Rowley & Feather, 1987),
although all individuals in our sample indicated
they were engaged in active work search. The item,
“Having a job is very important to me,” was rated
on a scale ranging from 1 (“strongly disagree”) to 5
(“strongly agree”).

Dynamic survey measures. Motivation control
was assessed with four items developed to examine
individuals’ intentional, cognitive redirection of at-
tention toward their job search, use of goal setting,
and/or environmental management of their job
search over the previous week. Individuals were
asked to what extent four statements were descrip-
tive of their past week with regard to their job
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search (“Despite difficulties that passed my way
this week, I was able to stay focused on my job
search”; “If I got interrupted, I worked hard to get
back on track”; “I mentally pushed myself to work
harder on my job search”; “I boosted my motivation
to look for a job”). Responses to the items were
provided on a scale ranging from 1 (“not at all true
of me”) to 5 (“very true of me”). We wrote new
items rather than use an existing measure for two
primary reasons. First, previous assessment (e.g.,
Creed et al., 2009; Wanberg et al., 1999) has been at
a trait level (e.g., “In general, do you have motiva-
tion control skills?”) rather than at a state level; we
assess the extent to which motivation control was
used each week. Second, the trait-based items
were not easily transferrable to a state level because
they referred to specific event-based behavioral ex-
amples that might not occur every week in a job
search (e.g., “I practice my conversations with po-
tential employers ahead of time”). The coefficient
alphas for the motivation control scale ranged from
.84 to .92 over the 20-week study span; we inter-
wove items with the self-defeating cognition items
to reduce the possibility of high internal consis-
tency simply due to response bias.

Self-defeating cognition was assessed with six
items that asked individuals about the occurrence
of negative cognition over the past week specific to
feelings of hopelessness, giving up, and negative
expectations related to their job search. We again
developed items specific to the job search context.
We patterned the item content from the negative
expectations and giving up/helpless dimensions of
the Automatic Thoughts Questionnaire (Hollon &
Kendall, 1980) and the Hopelessness Scale (Beck,
Weissman, Lester, & Trexler, 1974), ensuring our
items were broad enough to capture thoughts that
participants might actually have weekly (Glass &
Arnkoff, 1997). Specific items included “I thought
about simply giving up on job search”; “I felt like I
couldn’t continue to do this anymore”; “I thought
about how much more job search I could tolerate”;
“I thought about how hopeless it was to look for a
new job”; “It crossed my mind that I would never
find a new job”; and “It occurred to me that all my
efforts to get a job weren’t worth the trouble” [1,
“not at all true of me,” to 5, “very true of me”]). We
averaged the scores of the items to measure self-
defeating cognition for each week (� � .88–.97 over
the span of the study). Higher scores indicate more
self-defeating cognition.

Job search intensity was assessed by asking indi-
viduals the following question in each weekly sur-
vey: “How many hours did you spend on your job
search each day this week?” Participants were
asked to write down the number of hours for each

day of the week. We summed these reported num-
bers to get the measure of hours spent in search for
the particular week. Hours spent in job search has
been shown to be highly correlated (r � .56–.68)
with alternative measures (e.g., multiple-item as-
sessments) of job search intensity (Wanberg et
al., 2005).

Mental health was measured each week over the
duration of the study using the five-item Mental
Health Inventory (MHI; Berwick, Murphy, Gold-
man, Ware, Barsky, & Weinstein, 1991), a short
version of the 38-item MHI (Veit & Ware, 1983).
The inventory taps psychological distress (anxiety
and depression) and psychological well-being (gen-
eral affect). Respondents were asked to respond to
each item with respect to the past week using the
scale 1, “none of the time,” to 6, “all of the time.”
Items include “Have you felt downhearted and
blue?” and “Have you been a very nervous person?”
The items were reverse-coded and averaged so that
higher scores indicate better mental health (� �
.85–.93 over the span of the study). The MHI-5 is
highly correlated with other well-known measures
of mental health such as the GHQ, and research has
supported its ability to distinguish between groups
with health differences (e.g., McCabe, Thomas, Bra-
zier, & Coleman, 1996).

Indicators of search success. Length of unem-
ployment was used in survival analysis (with Cox
regression) to examine reemployment speed. From
state records, we obtained each job seeker’s last day
on the previous job. Those who were reemployed
reported their starting dates for the new jobs. We
calculated the difference between these two days to
get the length of unemployment for those reem-
ployed. For those who remained unemployed, the
length of unemployment was “right-censored” at
the end of the study. At that time, 27.7 percent of
our sample was still unemployed (n � 49), and 72.3
percent had found jobs (n � 128).

Number of interviews was calculated as the total
number of interviews for an average week during a
person’s unemployment experience. Individuals
gave their answers to the question “How many
interviews did you have this past week?” in the
weekly survey.

Confirmatory Factor Analysis

We conducted several sets of confirmatory factor
analyses (CFAs) to establish the distinctiveness of
our measures. These CFAs supported the use of the
scales as distinct measures. First, self-defeating
cognition refers to negative self-talk and is distinct
conceptually from mental health. However, to es-
tablish empirically that these variables are distinct,
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we entered the items for the MHI and self-defeating
cognition into a CFA with separate but related fac-
tors. The fit indexes indicated a good fit for the
two-factor model (�2 � 75.57, df � 41, p � .001,
CFI � .96, RMSEA � .08). Combining the two into
one construct produced a significantly inferior fit
(�2 � 261.77, df � 42, p � .001, CFI � .73, RM-
SEA � .20). These CFA results were based on data
from the first week; similar results were obtained
from subsequent weeks.

More broadly, we also completed a CFA of all of
the multiple-item self-report measures in our study
(approach motivation, avoidance motivation, moti-
vation control, self-defeating cognition, and mental
health). To achieve a sufficient ratio between sam-
ple size and the number of estimated parameters
(Bentler & Chou, 1987), we generated item parcels
instead of using individual items for the approach
and avoidance scales; we used individual items for
the other scales. The fit indexes indicated a good fit
for the five-factor model (�2 � 343.69, df � 220,
p � .001, CFI � .94, RMSEA � .06). Combining the
items into competing models of two, three, or
four factors produced a significantly inferior fit
(p � .001).

Analyses

The survey questions were set to require a re-
sponse to all questions. However, participants were
able to skip a week’s survey, which would in turn
lead to missing data for that week. We examined
the electronic time stamps associated with all sur-
veys to ensure they were submitted within the ap-
propriate time frame (i.e., between Friday noon and
Sunday midnight). Surveys containing electronic
time stamps outside of the acceptable time frame
were not used.

The data set has a hierarchical structure, in
which repeated measures (level 1) were nested
within individuals (level 2). For hypotheses in
which the dependent variable is not job search
intensity (i.e., Hypotheses 3a–5b, 6b, 7b, and part of
Hypothesis 8), we used linear mixed models, as
implemented by SAS “proc mixed” (Fitzmaurice,
Laird, & Ware, 2004), to test the within-individual
relationships among approach and avoidance mo-
tivation, motivation control and self-defeating cog-
nition, and mental health. For hypotheses in which
job search intensity is the dependent variable (i.e.,
Hypotheses 1a, 1b, 2a, 2b, 6a, 7a, and part of Hy-
pothesis 8), because job search intensity is a count
variable (e.g., number of hours) and its distribution
was positively skewed, generalized linear models,
as implemented by SAS “proc genmod” with a

Poisson distribution and a repeated function,
were used.

In the analyses of dynamic variables, we in-
cluded a linear term (i.e., week, coded 0 for the first
week, 1 for the second week, and so forth) and a
quadratic term for time (i.e., the squared term of
week). The inclusion of week and week squared
served three purposes. First, the coefficients of the
linear and quadratic terms allowed us to estimate
the growth trends of the dynamic variables (e.g., job
search intensity and mental health) over time. Sec-
ond, for testing Hypotheses 1a and 3a, the inclusion
of week and week squared in their current coding
theme allow us to predict the relationships be-
tween motivational traits and the dynamic depen-
dent variables at the start of the job search duration.
In contrast, when week and week squared were
excluded from the model, motivational traits were
predicting the average or overall levels of the dy-
namic dependent variables over the unemployment
experience, as in the testing of Hypotheses 1b, 2b,
3b, 4b, 5a, and 5b. The third purpose of including
week and week squared, pertinent to the testing of
Hypotheses 2a and 4a, lay in the fact that the coef-
ficients of the linear and quadratic term can be
predicted by individual-level (level 2) variables.
Thus, we could show that a motivational trait was
related to the decline or increase of a dynamic
dependent variable over time.

Hypotheses 6a through 8 use dynamic predictors,
that is, motivation control and self-defeating cogni-
tion each week, to predict that week’s job search
intensity and mental health. In testing these level 1
relationships, we included week and week squared
as control variables to partial out any association
between the independent and dependent variables
due to the growth trends of the dependent vari-
ables. For Hypotheses 9 and 10, we used Cox re-
gression (i.e., proportional hazard model [Klein &
Moeschberger, 1997]) and ordinary least squares
(OLS) regression to predict the speed of reemploy-
ment and number of interviews. OLS regression was
used because the number of interviews (per week)
follows an approximately normal distribution.

RESULTS

Descriptives

Table 1 portrays descriptive statistics and corre-
lations for baseline variables (variables 1–11), re-
peated measures (variables 12–15), and distal out-
come measures (variables 16–17). We have 20 time
waves of data for variables 12–15, but as this is an
extensive amount of data, we only present correla-
tions for these variables based on the measures
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assessed in the week 1 survey for illustration pur-
poses. Before testing the hypotheses, we examined
whether systematic within- and between-individ-
ual variance existed in the repeated-measures vari-
ables by running a series of null (intercept-only)
models. The analyses supported using hierarchical
linear modeling (HLM) on these data, as there was
sufficient within-individual and between-individ-
uals variance in the measures over time. For exam-
ple, within-individual variance was 53 percent for
motivation control, 41 percent for self-defeating
cognition, 22 percent for job search hours, and 26
percent for mental health. Although not reported in
Table 1, the average number of hours spent in job
search per week over the 20 weeks of our study was
14.5 hours, ranging from an average of 11.2–17.8.

We examined the trends of our repeated mea-
sures with unconditional HLM (only including the
intercept, linear term and quadratic term of time) to
portray the growth patterns of these variables over
time. Table 2 shows the results of these models.
The intercept, linear (week), and quadratic (week
squared) coefficients are significant for all vari-
ables, indicating that there was an average within-
person change on these variables over time. For job
search intensity, these data show that individuals
in our study reported spending less time in job
search as their unemployment spell continued,
with a slight uptick in later weeks. For mental
health, there was an improvement over time, with a
slight downturn in later weeks (see Figure 2). The
trends shown in Figure 2 must be interpreted with
the caveat that, over time, some individuals in the

sample are becoming reemployed. All participants
are represented in the data up to the point at which
they became reemployed. This means that the data
points for early weeks are based on a larger sample.

The trends observed across individuals varied
considerably, in particular with regard to the linear
slope coefficients, meaning that changes in job
search and mental health are not the same for ev-
eryone over time. We model these changes depen-
dent on our focal study variables in the next sec-
tions. As the coefficients of the quadratic term of
job search intensity and mental health were ex-
tremely small (see Table 2), to obtain parsimonious
models we did not use individual-level (level 2)
variables to predict these quadratic term coeffi-
cients. Thus, in testing Hypotheses 2a and 4a, we
used motivational traits to predict the coefficient of
the linear term only (i.e., the interaction terms be-
tween motivational traits and week).

Motivational Traits Affecting Search Intensity

Hypothesis 1a, suggesting that approach-oriented
trait motivation is related to more time spent in job
search at the start of an unemployment experience,
was supported (� � .21, model 1a, Table 3). Sup-
porting Hypothesis 1b, individuals with higher lev-
els of approach-oriented trait motivation also re-
ported more job search hours over the duration of
their unemployment spell. As shown in model 1b,
Table 3, a one-point increase in approach-oriented
motivation was associated with a .25 times (� e(.22)

–1) increase in average job search hours per week

TABLE 2
Generalized Linear Model and Hierarchical Linear Modeling Results for Linear and Quadratic Coefficients of

Repeated Measuresa

Variables

Intercept �00 Linear Term of Time �10 Quadratic Term of Time �20

Coefficient
Between-Individual

Variances Coefficient
Between-Individual

Variances Coefficient
Between-Individual

Variances

Job search intensity 0.95** n.a.b –0.04** n.a. 1.70E-3** n.a.
Mental health 4.45** 0.69** 0.03* 5.25E-3** –1.40E-3* 1.50E-5**
Motivation control 3.29** 0.28** –0.04** 4.80E-5 2.27E-3** 4.76E-6
Self-defeating cognition 1.60** 0.26** 0.06** 8.13E-3** –1.88E-3* 2.50E-5**

a The linear term of time was coded 0 for week 1, 1 for week 2, and so forth. Generalized linear model (SAS “proc genmod”) with a
Poisson distribution and AR (1) variance-covariance structure (i.e., first-order autoregressive) correlation matrix structure was used to test
the unconditional model for job search intensity. Linear mixed model (SAS “proc mixed”) with the RE-AR (1) variance–covariance
structure (i.e., random effects plus auto-regression [1]) structure was used to test the unconditional model for all other variables.

b Between-individual variances were not available for job search intensity with the generalized linear model (SAS “proc genmod”)
because of its “population-average” feature. Instead, we tested the between-individual variances (i.e., random effects) for job search
intensity with a linear mixed model (SAS “proc mixed”). The variance of the intercept was significant (variance � 134.50, p � .01); the
variance of the linear term of time was significant (variance � 0.6040, p � .05); and the variance of the quadratic term of time was
nonsignificant.

* p � .05
** p � .01
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over the unemployment duration. Stated another
way, given a one-point increase in approach-ori-
ented motivation, average job search hours would
be increased from 1 to 1.25 hours, 2 to 2.5 hours, 10
to 12.5 hours, and so on, each week. Figure 3 is
provided to illustrate the job search hours trend
over time of people who were high (in the top third)
versus people who were low (in the bottom third)
on approach motivation. The figure helps portray
how approach motivation makes a difference
over time.

Hypothesis 2a indicates that avoidance-oriented
trait motivation will be negatively associated with
the slope of job search intensity over time. Model
2a of Table 3 shows that the interaction term of
avoidance-oriented trait motivation and week (i.e.,
the linear term of time) was not significant. There-

fore, Hypothesis 2a was not supported. Hypothesis
2b suggests that avoidance-oriented trait motiva-
tion will be negatively related to average levels of
job search intensity over an unemployment experi-
ence, which was not supported in model 2b of
Table 3.

Motivational Traits Affecting Mental Health

Supporting Hypothesis 3a, approach-oriented
trait motivation was positively related to mental
health at the start of unemployment (see model 3a,
Table 3). Hypothesis 3b was also supported. Higher
levels of approach-oriented trait motivation were
associated with higher average levels of mental
health over the duration of unemployment (model
3b, Table 3). Results of the tests of the two hypoth-

FIGURE 2
Mean Plots of Job Search Hours and Mental Health during Unemployment Experience
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eses together showed that individuals one point
higher in approach-oriented trait motivation were
.34 points higher on their mental health level at the
start of their unemployment and .31 points higher
on average over its course.

Hypothesis 4a suggests that avoidance-oriented
trait motivation will be negatively associated with
the slope of mental health over time. This was
tested in model 4a of Table 3. As predicted, avoid-
ance-oriented trait motivation was negatively asso-
ciated with the slope of mental health (� � –.01,
p � .01). Therefore, Hypothesis 4a was supported.
Hypothesis 4b suggests that avoidance-oriented
trait motivation will be negatively related to aver-
age levels of mental health over an unemployment
experience. This was supported in model 4b of
Table 3 (� � –.51, p � .01).

Motivational Traits Affecting Self-Regulatory
States Affecting Search Intensity and Mental
Health

Hypothesis 5a suggests that approach motivation
will be positively related to motivation control and
negatively related to self-defeating cognition dur-
ing unemployment, and Hypothesis 5b suggests
that avoidance motivation will be negatively re-
lated to motivation control and positively related to
self-defeating cognition during unemployment.
Models 5 and 6 of Table 3 are the tests of these
hypotheses. Hypothesis 5a was partially sup-
ported, and Hypothesis 5b was fully supported.
Specifically, a one-point increase in approach
motivation was associated with an average .32
point increase in motivation control but was not

FIGURE 3
Job Search Hours Trend Breakdown on High versus Low Levels of Approach Motivation
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significantly related to self-defeating cognition.
In contrast, a one-point increase in avoidance
motivation was associated with an average .16
point decrease in motivation control and a .27
point increase in self-defeating cognition over the
course of unemployment.

The goal of the next set of analyses was to inves-
tigate whether motivation control and self-defeat-
ing cognition reported in each week account for
differences in weekly job search intensity and men-
tal health levels.1 Hypotheses 6a and 6b suggest
that in weeks in which motivation control was
higher, job search intensity and mental health will
also be higher. Results in models 7 and 8 supported
these two hypotheses. Specifically, a one-point in-
crease in motivation control in a given week was
associated with a .26 times (� e(.23) –1) increase in
job search hours and a .086 point increase in men-
tal health in that same week.

Hypothesis 7a was not supported. Specifically,
levels of self-defeating cognition in a given week
did not predict levels of job search intensity in the
same week (� � .034, n.s.; see model 7 in Table 3).
Hypothesis 7b, however, was supported, with
higher levels of self-defeating cognition in a given
week associated with lower levels of mental health
in the same week (� � –.34, p � .01; see model 8 in
Table 3).

Hypothesis 8 proposes that motivational states
mediate the relationship between approach and
avoidance motivation and mental health and job
search intensity. We examined the indirect effects
via motivational states using the bootstrapping
method recommended by Bauer, Preacher, and Gil
(2006). As suggested by prior research, the conven-
tional method (i.e., Baron & Kenny, 1986) may in-

clude unnecessary steps and is inferior in terms of
statistical power and type I error rates (MacKinnon,
Lockwood, Hoffman, West, & Sheets, 2002). Based
on the direct effects of approach and avoidance
motivation on the motivational states mentioned
above and the direct effects of the motivational
states on job search intensity and mental health
shown in models 9, 10, and 11 of Table 3, our
bootstrapping results indicated the following.

For approach motivation, the 95% confidence
interval of the indirect effect via motivation control
was .15, .65 for job search intensity and .0085, .05
for mental health. This suggests that motivation
control mediated the relationships between ap-
proach motivation and job search intensity and
mental health. Self-defeating cognition was not a
mediator of the relationships between approach mo-
tivation and job search intensity or mental health.

For avoidance motivation, the 95% confidence
interval of the indirect effect via motivation control
was –0.38, –0.021 for job search intensity and
–.028, –.001 for mental health. This suggests that
motivation control mediated the relationships be-
tween avoidance motivation and job search inten-
sity and mental health. In addition, the 95% confi-
dence interval of the indirect effect of avoidance
motivation via self-defeating cognition on mental
health was –.14, –.046. Self-defeating cognition
was not a mediator of the relationships between
avoidance motivation and job search intensity.

In sum, out of the eight possible indirect effects
of approach and avoidance motivation on mental
health and job search intensity via motivational
states, we found five indirect effects that were sta-
tistically significant. Thus, Hypothesis 8 was
supported.

Search Intensity and Mental Health Affecting Job
Search Success

Hypothesis 9 suggests that job search intensity at
the start and over the course of unemployment will
be positively related to number of interviews and
reemployment speed.2 We conducted Cox regres-

1 We report the unlagged instead of lagged model re-
sults. It is the motivational states displayed in a given
week that are most central, theoretically, to behavior and
mood in that same week. For example, it is possible for a
person to engage in self-defeating cognition in one week
but recover by the following week, making current levels
of self-defeating cognition most relevant. However, for
comprehensiveness and to assess lingering effects, we
examined whether motivational states in each week t
were related to job search intensity and mental health in
the following week (t � 1). Our lagged results were sim-
ilar to the nonlagged results. Specifically, our findings
showed that motivation control in each week was posi-
tively related to job search intensity in weeks t � 1
(� � .11, p � .001), but self-defeating cognition was not
related to job search intensity in weeks t � 1. Motivation
control was positively related to mental health in weeks
t � 1 (� � .04, p � .05), and self-defeating cognition was
negatively related to mental health in weeks t � 1 (� �
–.21, p � .001).

2 Although, given the many relationships we focused
on in our literature review, approach and avoidance mo-
tivation and the two motivational states were not hypoth-
esized as predictors, they were examined as such in
analyses reported in Table 4. Approach motivation
was not associated with either outcome. Avoidance mo-
tivation was significantly and negatively associated with
number of interviews but not with reemployment speed.
Motivational states were unrelated to the distal out-
comes, with the exception of motivation control, which
was a positive predictor of number of interviews.
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sions and OLS regression for the dependent vari-
ables reemployment speed and number of inter-
views, respectively (see Table 4). Using average
search intensity over the duration of unemploy-
ment as the predictor (see columns 1 and 3), we
found that it was positively related to both reem-
ployment speed (hazard ratio � 1.03, p � .05) and
number of interviews (� � .05, p � .001). Using job
search intensity at the beginning of unemployment
as the predictor (see columns 2 and 4), we found
that it was not related to reemployment speed but
was positively related to average number of inter-
views per week (� � .04, p � .001).

Hypothesis 10 suggests that job seekers’ mental
health at the start and over the course of unemploy-
ment will be positively related to reemployment
speed and number of interviews. The results from
Table 4 indicate that mental health at the start was
positively related to number of interviews (� � .17,
p � .05; column 4), but whether measured at the
start or over the unemployment experience, it
was not related to reemployment speed.

DISCUSSION

Over the course of job search, individuals expe-
rience a panoply of events and emotions that may
impact their mental health or derail their search
process. However, very little research data address

what happens over time during a job search expe-
rience. Our findings address this gap by providing
evidence on temporal dynamics in the job search
process. Building upon recent theorizing and stud-
ies of job search from the self-regulation perspec-
tive, we proposed a framework to examine the role
of motivational traits and states and their relevance
to the job search journey. Our findings offer both
empirical and theoretical contributions to the liter-
ature and suggest implications for practice as well
as several directions for future research.

The design of our study permits evaluation of the
findings at several levels of analysis. At the aggre-
gate level, focusing on the temporal dimension
alone, we examined general trends in how job
search and mental health changed during unem-
ployment. Among all the individuals in our sam-
ple, significant within-person decline in the time
spent in job search occurred over time, with a slight
uptick in later months. This finding is similar to
that reported by Wanberg et al. (2005), the only
other repeated-measures (over several weeks),
within-person assessment of job search that we
know of. For mental health, we found that partici-
pants showed gradual improvement over the first
10–12 weeks. This was followed by a slight down-
turn in mental health in later weeks. This finding is
contrary to the negative relationship between
length of unemployment and mental health re-

TABLE 4
Relationship between Mental Health and Job Search Intensity and Indicators of Search Successa

Variables

Reemployment Speed
Average Number of

Interviews per Week

Model 1 Model 2 Model 3 Model 4

Intercept 0.49 0.03
Age 0.98 0.98 0.00 0.00
Education 0.63 0.60 0.36 0.31
Gender 1.06 1.02 –0.05 0.04
Ethnicity 1.40 1.75 0.10 0.30
Days unemployed before the start of the study 1.00 1.00 0.00 0.00
Occupation—Professional 0.71 0.69 –0.08 –0.13
Occupation—Clerical 0.45* 0.37* 0.15 0.03
Employment commitment 1.19 1.23 –0.01 –0.01
Average mental health over unemployment duration 0.97 0.12
Average job search hours over unemployment duration 1.03* 0.05***
Week 1 mental health 0.92 0.17*
Week 1 search hours 1.01 0.04***
nb 125 123 132 129
Adjusted R2 .28 .20

a Hazard ratios are reported for the reemployment rate-speed analysis. A coefficient greater than 1.0 means that the variable is associated
with faster reemployment speed.

b Sample size varies owing to missing data on the two dependent variables and the week 1 and average levels of job search hours and
mental health.

* p � .05
*** p � .001
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ported in meta-analyses by both McKee-Ryan et al.
(2005) and Paul and Moser (2009). However, the
work summarized in these studies was largely
cross-sectional, based on observations of the men-
tal health levels of different individuals unem-
ployed for various lengths of time rather than on
following the same individuals over time. In con-
trast, the design of our study permitted us to assess
within-person changes in mental health by follow-
ing individuals from the start of their unemploy-
ment experience over time. It is possible that the
improvement in mental health we observed stems
from an inherently low level of mental health asso-
ciated with the start of an involuntary unemploy-
ment spell. For example, Amundson and Borgen
(1982), drawing on their counseling experience, ob-
served that it is typical for newly unemployed in-
dividuals to feel angry and powerless. As time
passes, they accept their unemployment situation.
There is an increase in energy, high hopes, and
sometimes unrealistic expectations that can lift
mood. As time passes further, individuals begin to
feel burned out and frustrated as they encounter
repeated rejections. The Amundson and Borgen
(1982) portrait of the dynamics of unemployment
from an experiential standpoint fit our data reason-
ably well. Further repeated-measures research, be-
ginning at the onset of job loss, is needed to extend
our results as well as to ascertain whether the av-
erage search intensity and mental health trajecto-
ries we observed are robust.

At a second, more person-oriented level of anal-
ysis, our findings indicate the importance of deter-
mining not only what the average experience looks
like for individuals over time, but also the impact
of individual differences on experienced trajecto-
ries of job search intensity and mental health over
time. Specifically, our investigation into the role of
individual differences in motivational traits and
states showed that higher approach-oriented trait
motivation was related to higher levels of job
search intensity and mental health, both at the start
of and over the course of unemployment. Higher
avoidance-oriented trait motivation, on the other
hand, predicted lower levels of mental health at
both the start of unemployment and over time. In
addition, we further found that avoidance-oriented
trait motivation was associated with a negative
slope for mental health over time. Taken together,
the findings contribute new information about the
use of self-regulatory variables to predict goal-
based effort as well as mental health over time in a
field context. The time-based effects of motiva-
tional traits on job search intensity, for example,
are illustrated in Figure 3.

Finally, analyses conducted on motivational
states by week showed that changes in motivation
control in any given week were significantly asso-
ciated with within-person changes in search inten-
sity and mental health, and changes in self-defeat-
ing cognition from week to week were significantly
associated with changes in mental health. On the
basis of our proposed conceptual model, we further
examined these motivational states as mediating
variables between motivational traits, job search
intensity, and mental health. These findings ad-
vance understanding of how (i.e., through what
mechanisms) stable individual differences exert
their influence and the effects of these mechanisms
on the job search experience. Our results especially
highlight motivation control as an explanatory
mechanism. Motivation control mediated the rela-
tionship between approach motivation and both
job search intensity and mental health, mediated
the relationship between avoidance motivation and
job search intensity, and mediated the relationship
between avoidance motivation and mental health.
In contrast, self-defeating cognitions only mediated
the relationship between avoidance motivation and
mental health and had no relationship with job
search intensity.

Although the mediating role of self-regulatory
processes in trait-performance relations has been
shown previously in nondynamic contexts (e.g.,
Creed et al., 2009; see Kanfer & Kantrowitz, 2003),
the pattern of findings obtained in this study sug-
gests a new perspective on the nature of this medi-
ation. For example, previous findings by Creed and
colleagues (2009) show that individual differences
in avoidance motivational traits were not related to
emotion control states. In our study, however, in-
dividuals higher in avoidance motivation experi-
enced higher levels of self-defeating cognition, sug-
gesting that it may be valuable to study emotion-
related states in terms of both the experience of
negative cognitions and attempts to control nega-
tive affect.

One particularly interesting pattern of findings
pertains to the differential relationship of self-de-
feating cognition to job search intensity and mental
health. Contrary to expectations, no significant re-
lationship was observed between self-defeating
cognition and job search intensity. However, a neg-
ative relationship was observed between self-de-
feating cognition and mental health. Although it
might be tempting to conclude that self-defeating
cognitions do not play a role in job search intensity,
it is important to consider whether these cognitions
may have other undesirable effects that were not
measured in this study. For example, it may be that
high levels of self-defeating cognition exert their
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influence on other dimensions of search behavior
that we did not measure, such as breadth or quality
of search activities. It is also possible that the be-
havioral impact of thinking negatively about one’s
search may be more immediate and thus more
likely to be captured in a repeated-measures study
that assesses behavior daily.

Alternatively, our findings may reflect important
contextual differences in behavioral sensitivity to
negative affective states. For example, behavioral
sensitivity to negative self-defeating cognition may
be lower in the job search context than in time-
bounded, routine achievement contexts. Or, from a
control theory perspective (Carver, 2003, 2006), it
is possible that self-defeating cognition stems from
low levels of perceived progress, creating a discrep-
ancy to be resolved. Some individuals may use
their negative emotions to highlight the specific
threat or issue that needs to be resolved (Wanberg
et al., 2010). Finally, it is possible a broader or
alternative measure of self-defeating cognition may
produce the expected findings. Our measure fo-
cused on cognition specific to feelings of hopeless-
ness, giving up, and negative expectancies, funda-
mental triggers of depression and reduced activity
(Beck et al., 1974), but self-defeating cognition can
more broadly include destructive thoughts about
oneself, such as “What is wrong with me?” (Hollon
& Kendall, 1990). Our measure was, furthermore,
developed for this study and did not undergo ex-
aminations of concurrent or predictive validity,
something that may be considered a limitation to
our study. A similar limitation applies to our mea-
sure of motivational control; it was developed for this
study, and further validation and development of this
measure is desirable before it is used more widely.

With regard to helping individuals find jobs
more quickly, our results showed that individuals
who reported higher initial levels of search inten-
sity and mental health at the beginning of job loss
experienced greater success in obtaining job inter-
views and that individuals who maintained high
levels of job search intensity over the duration of
job search had more interviews and found jobs
more quickly. These findings are consistent with
previous research results that show a positive rela-
tionship between job search intensity and reem-
ployment (Kanfer et al., 2001). In addition, our
findings indicate that although the importance of
job search intensity continues throughout unem-
ployment, the mental health of a person at the start
of job search also plays an important role in search
outcomes. Future research is needed to determine
the full range of mechanisms by which mental
health at the onset of a job search affects job search
outcomes.

Implications for Practice and Future Research

The average tendency for individuals to decrease
their search behavior as their unemployment expe-
rience continues suggests that it may be construc-
tive for job seekers, as well as organizations that
work with job seekers, to monitor job search levels
over time to keep persistence in the search going.
Although other factors, such as a job seeker’s “hu-
man capital” and quality of search, are critical to
reemployment, research has established that time
spent in search distinguishes between successful
job seekers and unsuccessful job seekers (Kanfer et
al., 2001). We additionally recognize that in some
situations, such as that faced by a job seeker in a
small town without the choice of relocating, a time
may come when there are few new job search leads
to pursue.

The process orientation of our study yields other
findings that have implications for job search inter-
ventions. In keeping with models of action that
conceptualize traits as inputs to proximal determi-
nants of action, we found that motivational states
mediated the relationship between motivational
traits and the focal variables. In particular, strate-
gies to enhance motivation control not only facili-
tated job search intensity but also had a salutary
effect on mental health. These findings suggest that
training individuals to employ self-regulation strat-
egies that “pump up” attentional effort for job
search activities may be effective in enhancing job
search intensity and may in fact also confer more
mental health protection (by attenuating the nega-
tive influence of avoidance-oriented traits on men-
tal health) than training directed toward reducing
self-defeating cognitions. Consistently with this no-
tion, van Hooft and Noordzij (2009) showed the
utility of helping unemployed individuals with
self-regulatory states (i.e., situational state on learn-
ing goal orientation). To date, many interventions
for job seekers place equal emphasis on training in
both motivation control and emotion control. Re-
search to identify a more complete understanding
of the consequences of both motivational and var-
ious forms of emotional control, including self-de-
feating cognition, is needed.

Overall, substantially more can be learned about
how the two focal variables included in our study
(search intensity and mental health) change over
time during unemployment, why they change, for
whom they change, the implications of such
change, and how new knowledge about the dynam-
ics of job search might be used to help job seekers.
With regard to how these focal variables change
over time, repeated-measures studies of both
shorter durations (see, e.g., Song et al., 2009; Wan-
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berg et al., 2010) and longer durations would be
valuable. It will also be useful to examine the gen-
eralizability of the average trajectories we report for
job search and mental health over the duration of
unemployment. Specifically, to what extent do the
trajectories we show generalize to other economic
or cultural contexts, to very low or very high in-
come groups, to more ethnically diverse samples,
or to individuals in very narrow fields with limited
job openings versus fields with many opportuni-
ties? For example, regarding economic context and
type of profession, individuals may be more likely
to decline in their job search intensity when jobs
are scarce (Micklewright & Nagy, 1999). Regarding
cultural context, the mental health of unemployed
individuals tends to be higher in countries with
generous safety nets (Bambra & Eikemo, 2009) and
in countries that place a lower importance on work
(Marsh & Alvaro, 1990). Scholars are in the very
early stages of understanding what happens within
the job search experience over time. There is exten-
sive opportunity to build upon our self-regulatory
model as well as to use other theoretical perspec-
tives to understand such dynamics. It would be
valuable to incorporate additional distal outcomes
into future studies, beyond the two we used, such
as reemployment quality.
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